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This document is a preliminary schedule for the seminar and subject to change
based on the number of students and their interests. To complete the course
you need to participate regularly (no more than one unexcused absence) and be
active in the discussions. Please ensure that you include [mechinterp] in the
subject line when you email your questions. Each student will also have to give
a graded presentation. In addition, you need to do an implementation project
after the semester.

Students are expected to read the presented papers (at most two) and hand
in questions or comments about them via mail to me each Tuesday before 3pm.
These questions will be a part of your final grade.

1 Getting a Presentation Slot
To get a presentation slot, write an email to riemenschneider@cl.uni-heidelberg.de
by the 22nd of October. Students interested in the presentations scheduled for
the 31st of October are encouraged to contact me earlier to ensure that you have
sufficient time for adequate preparation. The dates given for the presentations
are tentative and might change. If there is any date where it would not be
possible to give your presentation, you can indicate at most one session where
you can absolutely not give your presentation. Students who have a particular
paper in mind are welcome to propose it to me.

2 Papers
17.10.2024: Organization, Overview

• no student presentation

24.10.2024: Background

• no student presentation

31.10.2024: History

• Gurnee et al. (2023)

• Elhage et al. (2022)
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07.11.2024: Othello

• Li et al. (2023)

• Nanda, Lee, and Wattenberg (2023)

14.11.2024: Transformer Circuits

• Wang et al. (2022)

• Conmy et al. (2023)

• Shi et al. (2024)

21.11.2024: Activation Patching

• Meng, Bau, et al. (2022)

• Meng, Sen Sharma, et al. (2022)

• Position paper: Pinter and Elhadad (2023)

• Best practices: Heimersheim and Nanda (2024)

28.11.2024: No session

05.12.2024: Dictionary Learning I

• Bills et al. (2023)

• Bricken et al. (2023)

• Huben et al. (2024)

12.12.2024: Dictionary Learning II

• Makelov, Lange, and Nanda (2024)

• Karvonen et al. (2024)

19.12.2024: Self-conditioning

• Suau, Zappella, and Apostoloff (2022)

• Kojima et al. (2024)

09.01.2025: Grokking

• Liu et al. (2022)

• Nanda, Chan, et al. (2023)

16.01.2025: Multilingual Language Models

• Zhao, Yoshinaga, and Oba (2024)

• Tang et al. (2024)
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23.01.2025: Frameworks

• Ghandeharioun et al. (2024)

• Huang et al. (2024)

30.01.2025: Hierarchical Representations

• Park et al. (2024)

• Ahuja et al. (2024)

06.02.2025: Looking Back, Discussion, Looking Forward

• no student presentation

• Bereska and Gavves (2024)
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